The two largest minorities in the United States, African Americans and people of Hispanic origin, show official poverty rates that are at least twice as high as those among non-Hispanic Whites. These similarly high poverty rates among minorities are, however, the result of different combinations of factors, due to the specific characteristics of these two groups.
Introduction
Most ethnic minorities in the United States have historically shown a low performance in a number of socioeconomic indicators, when compared with majoritary non-Hispanic Whites. Their share of the population is increasing, such that nowadays more than one in four Americans belongs to either of the two largest minorities, Blacks and Latinos. But the median per capita family income for these two groups is below 60 percent of levels for non-Hispanic Whites, and their poverty rate is at least twice as high. These minorities, which comprise half of all poor Americans, share similar socioeconomic and demographic patterns of deprivation in several other dimensions: they have lower education, health care insurance coverage, and a larger risk of being prison inmates, unemployed, or low-paid workers.
1 Furthermore, they share several demographic characteristics typically associated with disadvantaged groups, like having more dependent children in their families or a larger share of female-headed families, especially single mothers. However, both minorities also differ in a number of relevant aspects.
Non-Hispanic Blacks account for a steady 13 percent of the overall population, most being descendents of Africans enslaved in North America between the 1600s and 1800s.
However, 8 percent of non-Hispanic African Americans are foreign born, a percentage still below the 13 percent level observed among the overall population. After slavery was officially abolished in 1865, Blacks suffered from legal segregation and direct discrimination policies, which were removed after the Civil Rights Movement, although other forms of indirect discrimination persisted. They appear to have a larger incarceration rate than any other group, as well as a larger proportion of female-headed families and of young males out of work. It is a well-known fact that almost 70 percent of all Black children are born to unmarried mothers (US DHHS, 2004) and, consequently, about half of all Black children live with a single mother.
Additionally, more than 11 percent of Black males aged 25 to 34 were incarcerated as of June, 2006 (US DJOJP, 2007 . Indeed, it comes as no surprise that these factors appear among the most common explanations for their higher poverty rates.
On the other side, Hispanics have also a long history in the United States due to the annexation of half of the Mexican territory in the 1800s, but most are immigrants who arrived 1 As a matter of fact, 20 percent of Blacks and 34 percent of Hispanics had no health care insurance in 2007, compared with 11 percent of non-Hispanic Whites (US CB, 2007) . According to our own estimations, unemployment rates in the same year were respectively 8.4 and 5.7 percent of the active population, compared with 4 percent of Whites; and 19 and 13 percent respectively of Black and Latino adults older than 25 went to college compared with 32 percent of Whites. An estimated 4.8 percent of Black men were in prison or jail in midyear 2006, compared with 1.9 percent of Hispanic men and 0.7 percent of White men (US DJOJP, 2007) .
after the 1980's from Latin America, especially Mexico, settling in the South and East portions of the country. As a consequence of rapid population growth, the number of Latinos passed from 10 to 45 million between 1970 and 2007 (from 5 to 15 percent of the total population), recently becoming the largest minority group in the country, with a population still growing faster than any other ethnic group's. 2 The result of this recent migration process is that two in five Latinos are foreign born, and they have a higher fertility rate and a larger educational gap than any other group.
In this paper, we aim to identify the nature and evolution of higher poverty rates among African Americans and Latinos in the United States, and to asses to what extent they are associated with the poor endowments that these groups have in terms of their demographic characteristics, their education attainment, or their labor market performance.
Alternatively, higher poverty rates may be the result of these characteristics being less effective in pushing their families above the poverty line. Furthermore, we want to identify how the distinct features of Blacks and Latinos affect their poverty risks in different ways. In order to answer these questions, we estimated Logit poverty regressions and used an OaxacaBlinder approach adapted to this specific framework to decompose the racial difference in poverty rates into characteristics and coefficients' effects. This decomposition was undertaken at two different levels: at the aggregate level, we estimated the joint contribution of all characteristics and all coefficients respectively, while at the detailed level we identified the individual contributions of each set of characteristics and coefficients.
The structure of the paper is as follows. In the following sections, we first describe the data and main definitions, then review and compare the main socioeconomic patterns between racial groups in the United States. After this, we introduce the decomposition technique and present our empirical results. The final section summarizes the main conclusions.
Data and some definitions
The data used for the analysis come from the Current Population Survey, 1994 Survey, -2007 Annual Social and Economic (ASEC) March Supplement, conducted by the U.S. Census Bureau.
The universe of this survey was the civilian noninstitutional population of the United States living in housing units, and members of the armed forces living in civilian housing units on a military base or in a household not on a military base. This data source provides comprehensive monthly labor force data for persons 15 years old and over, as well as the families' main characteristics. While demographic data refer to the time of the survey, data on employment and income refer to the preceding year. In order to be consistent with Census Bureau publications, our income and poverty estimates refer to the year in which income was obtained, with characteristics as of March of the following year (the survey's year). 4 Until 2002, respondents could choose only one of five race categories (Asian and Pacific Islander were combined in one), and the Hispanic origin was determined according to a more specific question indicating the country of Hispanic origin. These changes make year-to-year comparisons more complex. 5 About 0.5 percent of the entire population in 2007 identified themselves as being both Black and Latino, which means 4.5 percent of Blacks and 3.7 percent of Latinos. In this study, we classified them according to their origin (Latino), but given their relatively small size, the alternative of classifying them according to their race (Blacks) does not significantly change the results presented below. 6 These absolute poverty thresholds were formulated in the mid 1960's, with only minor adjustments since, and have been widely criticized not only for the limited notion of income used, but also because they have not reflected any changes in lifestyle or in consumption standards since they were established. However, they still constitute the main reference for all poverty analysis in the United States.
limits were $10,488 for one person under 65 years old and $20,444 for a family of two adults with two related children under 18.
Racial profiles in the United States
Persistence of high poverty rates in the United States, with levels higher than those of the majority of the developed world, has been so far well documented, as has the fact that that the distribution of income has become more unequal and polarized. from 32.9 percent to 21.8 among Blacks (1993 Blacks ( -2000 , and from 30.6 to 21.2 among Latinos 10 Regarding the other minorities, American Indians, who accounted for less than 1 percent of the population, performed worse than the largest minorities, while Pacific Islanders had a poverty rate similar to the average of the population, and Asian Americans faced a risk that was only slightly higher than that of the majoritarian group, even if the intensity of poverty was the largest (the median gap was 30 percent above that of Whites). (1993) (1994) (1995) (1996) (1997) (1998) (1999) (2000) (2001) , compared with a more moderate reduction from 9.9 to 7.5 among Whites. As a consequence, the difference between the poverty rates of each minority and the majoritarian group, referred here as the raw racial poverty gap, substantially declined in both cases: from What are the reasons for these differences in poverty rates among racial and ethnic groups? Obviously, they may be the result of the specific characteristics of the families they live in. Clearly, these differentials may be explained to some extent by the fact that minorities are more likely to live in the poorest areas, to have more children, to live in single-motherheaded families, work fewer hours, or be employed in low-paid occupations. Let us briefly review some of these differences in the relevant attributes.
First, ethnic minorities are unevenly distributed across the U.S. geography and are overrepresented in regions with the highest poverty levels, even if this is not expected to substantially increase their poverty risk due to the low range of variation of poverty across regions in the United States. Indeed, as Poverty risk among people in families headed by a non-American citizen was 22 percent, twice as high as in the other cases, including those headed by either naturalized foreign-born or second-generation immigrants. This appears to be particularly relevant for the Hispanic population, given that 40 percent were thus situated, compared with only 2 percent of Whites and 5 percent of Blacks. Family heads, and the general population, tend to be younger among Hispanics and Blacks than among Whites, and this is another factor that might increase the poverty levels of minorities, considering that poverty risk declines with the age of the family head, and was especially high for young-headed families (32 percent were poor when the head was below 24 years old); this group comprised 10 percent of Hispanics, 8 percent of Blacks, and only 5 percent of Whites. Another characteristic that clearly is distinctive of minorities is the level of attained education. Only 11 percent of Hispanics family reference persons went to college, compared to 18 percent of Blacks and 33 percent of Whites. A similar gap was found amongst the population as a whole. 13 There is no consensus about the causes of changes in marriage, divorce, and nonmarital childbearing that occurred during past decades leading to this situation. Changes in social norms, declining wages among low-skilled men, and the unintended incentives of the welfare system have been pointed out among the possible explanations (MacLanahan, 2007) . more likely than any other group to work in managerial and professional jobs in the private sector or to be self-employed. Note also that Blacks were more likely than Hispanics to work in skilled jobs or in the public sector, as well as to be unemployed, but were less likely to be selfemployed. Despite the fact that there was no significant difference in the average number of hours and weeks worked by employed adults, the earnings of Black and Hispanic workers were, respectively, 70 and 65 percent of the Whites' level, as shown in Table 5 . Several reasons, including wage discrimination, have been pointed out for explaining these racial and ethnic gaps in earnings. For example, Antecol and Bedard (2004) have emphasized the role of labor market attachment differences among young males, as have Carneiro, Heckman, while
Masterov (2005) argued that the major source of economic disparity by race and ethnicity in U.S. labor markets was to be found in pre-labor factors.
14 The highest employment rate of Hispanic males was intimately related to their large immigration rate. Indeed, the employment rate of Hispanic males born in a foreign country was 88 percent, in contrast with 71 percent of those born in the United States, similar to the 73 percent level of non-Hispanic White males in the same situation. During the economic expansion of the 1990's, the employment rate of Blacks and Latinos (but not of Whites) increased for most subgroups according to gender, age, and education, as reported in Table 6 for those not enrolled in further education. However, the increase was especially marked for females below 55 years old with no college studies, amounting to between 7 and 12 percentage points, depending on age and minority. The 2000's did not significantly reverse these improvements. The fact that the employment rates of low-educated young Black males did not witness any significant progress during the last economic booms has been a big academic issue to date. Among the possible explanations for this phenomenon were mentioned the direct and indirect consequences of large and increasing incarceration rates (even in a context of decreasing criminality), and the migration of jobs from inner cities to suburbs.
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Linearized standard errors in parentheses
Another remarkable feature of labor force participation that is expected to have an impact on poverty is the dramatic increase of employment rates for single mothers during the 1990s' economic boom. This was especially important for Blacks and Hispanics, as they showed, respectively, 14 and 22 percentage-point increases as shown in Table 7 . This unprecedented shift into work was the result of drastic changes in economic incentives faced after the mid 1990's by welfare beneficiaries, mainly single mothers, combined with the strong economic boom that allowed welfare reform to be implemented thanks to low unemployment and readily available jobs (Blank, 2002) .
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15 For example Holzer, Raphael and Stoll (2006) argued that the high rates of crime and incarceration among young Black males limit the employment opportunities not only of those directly engaged in such behavior, but also of those not engaged in crime due to statistical discrimination by employers. Further, Foster-Bey (2006) found evidence supporting that spatial mismatch in the blue-collar sector affected labor participation of young males residing in the urban core of metropolitan areas. 16 In particular, as the result of reforms in the social assistance programs through the 1996 Personal Responsibility and Work Opportunity Act, and increases in the Earned Income Tax Credit and minimum Linearized standard errors in parentheses
Methodology
We examined the contribution of a number of family characteristics to the differential in poverty rates among racial groups in the United States by applying an extension of the wellknown regression-based Oaxaca-Blinder decomposition approach to the probability of being poor. 17 In our framework, the ith person in group g is considered poor when his or her family income g i y falls below the poverty line z. Then, under a Logit probabilistic model, the likelihood of this person being poor (
where F represents the logistic probabilistic cumulative distribution,
X is a vector of characteristics describing i's family, and g βˆ is the associated vector of coefficient estimates.
We estimated regressions separately for Whites, Blacks, and Hispanics.
Given that being officially poor means that a family lacks enough income to make ends meet, we included among the explanatory variables a number of characteristics of the family reference person that may influence his or her ability to earn income: demographic variables such as gender, age, attained education (primary, secondary, or college), citizenship (native with/without foreign born parents, foreign born naturalized, or not naturalized), and mover status (change of residence in the previous year), as well as a set of variables describing the wage "cash assistance became far less available, welfare recipients were pushed much harder to employment and leave the rolls, the returns to low-wage work rose, and the availability of work supports (child care and health insurance) increased to low-income families" (Blank, 2002 (Blank, , 1108 . 17 See Oaxaca (1973) and Blinder (1973) .
labor force participation of the head and, in the case of those employed, the characteristics of the job. These variables included several types of occupation according to the sector (private or public), contract (part or full-time), required skills (managerial/professional occupation or not), employment status (self-employed or employee), and the number of weeks and average weekly hours worked. We also included the type of family, as this may also affect the ability of the family head to get a job: we distinguished among families composed of a married couple, with additional distinction according to the sex of the head, and those composed by a male or a female without a spouse present. In the case of female heads, we additionally distinguished whether or not there are children in order to identify single mothers, with an interaction variable indicating whether she is employed or not. Given that family income can also be provided by other family members and that the presence of dependents may increase family needs but not income, we included the number of other family members as well, distinguishing the number of dependents (of different ages) from the number of labor and nonlabor income receivers (by education attained and gender, and in the case of employed, also by age and characteristics of the job). Other variables included were the geographic region of residence and the size of the metropolitan area, in order to take into account potential differences in economic opportunities. Since we estimated the probability of a person being poor with all explanatory variables collected at the family level, our estimated robust standard errors took into account individuals being "clustered" across families.
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This simple econometric specification allows us to identify the statistical association between the probability of being poor and each family attribute, when the other characteristics are controlled for. However, we should be cautious in interpreting the results, as no control for possible endogeneity sources was made, and no causal relationship can be assessed. 19 Thus, these regressions have to be understood in the context of poverty decompositions by subpopulations where, unlike standard poverty decomposition techniques, we identify the statistical association between each characteristic and the probability of being poor while controlling for the rest of attributes.
An interesting property of the logit specification in our framework is that the headcount ratio of poverty in group g, 18 See, for example, Cappellari and Jenkins (2004) for a justification of this. 19 For example, consider the potential double causality in the case of the number of dependent children in the family. A large number of children directly affects the probability of being poor by increasing family needs (through the official poverty line) while not providing additional income. However, this characteristic could also be interpreted as a consequence of living in a poor, less-educated family.
This property allows us to use the average estimated probabilities to break the observed differential in poverty rates among two given groups 0 (Whites) and 1 (Blacks or Hispanics),
into two distinct terms, when the characteristics of group 0 are taken as reference:
The first term is the aggregate characteristics effect, and the second one is the aggregate coefficients effect. There is wide consensus on this type of decomposition in the case of nonlinear probability regressions.
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To evaluate the individual contribution of each variable (or set of variables) to the total explained difference, which is usually referred to as the detailed decomposition, we follow the method proposed by Yun (2004) , which is valid for any nonlinear function F and is a generalization of the decomposition of Macpherson (1990, 1993) , of only the characteristics effect. 21 The detailed decomposition of Yun (2004) is given by (2006) who examined intercountry differences in poverty levels. A similar decomposition is found in other (nonlinear) contexts: Gomulka and Stern (1990) analyzed changes in the employment of married women; Ham et al. (1998) analyzed intercountry differences in the duration of unemployment; Farlie (1999 Farlie ( , 2005 analyzed racial discrepancies in the transition rate into self-employment and in computer ownership; Nielsen (1998 Nielsen ( , 2000 analyzed the gender discrepancy in formal sector employment and child labor incidence; Bevelander and Nielsen (2000) analyzed the employment success of immigrants; and Gang et al. (2002) analyzed attitudes toward foreigners in the European Union. Alternative decomposition strategies of the aggregate effects can be found in Borooah (2005) , Borooah and Iyer (2005a,b) and Macpherson (1990, 1993) . 21 This approach was used, among others, by Gang et al. (2006) , Bhaumik et al. (2006) , and Gang et al. (2002) .
These weights were obtained in Yun (2004) β , and then (ii) a first-order Taylor-series expansion was used to linearize the characteristics and the effects of coefficients around the sample mean.
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This technique has a few advantages over other proposed methods that appear in the literature. First, the weights are quite transparent and simple to compute, because this only requires estimates of the coefficients and sample means for the characteristics. Second, this procedure overrides the problem of path dependency that is common to all sequential approaches to nonlinear models, in which values of characteristics and/or coefficients of one group need to be switched with those of the other group. 23 Third, unlike these sequential approaches, the detailed characteristics effect can be obtained without making any assumptions to match individuals of one group with the characteristics of another. 24 Finally, the original Oaxaca-Blinder approach is shown to be a particular case of this decomposition when F is a linear function.
However, an additional and well-known problem which needs to be addressed is that detailed decompositions of the coefficients effects suffer from severe identification difficulties. 25 This is because the contribution of a dummy variable to this effect will vary with the choice of reference group, and this applies to any set of dummy variables. 26 For this 22 An alternative linearization strategy can be found in Doiron and Riddell (1994) . 23 Sequential approaches have been applied, for instance, to detailed decompositions of both effects (Gomulka and Stern, 1990 ) and of only the characteristics effect (Farlie, 1999 (Farlie, , 2005 Ham et al., 1998) . The latter involves computing an average of all possible permutations of characteristics to override path dependency. 24 Sequential approaches require that a matching assumption be imposed. For instance, Fairlie (1999 Fairlie ( , 2005 ) drew a random subsample from the largest group, equal in size to the smallest group. Both groups of observations were ranked according to their predicted probabilities and matched by their respective rankings when computing the change in the characteristics effect. The final estimate was produced by computing the mean effect after repeating this exercise a large number of times. 25 Jones (1983) pointed out the problem of identifying the contribution of the intercept using the approach of Blinder (1973) in the presence of a set of dummy variables. Oaxaca and Ransom (1999) showed, more generally, that conventional decompositions cannot identify the separate contribution of dummy variables because it is only possible to estimate the relative effect of a dummy variable. However, Gelbach (2002) argued that the problem is not of identification, but of population heterogeneity in parameter estimates. 26 However, as Oaxaca and Ransom (1999) stressed, the combined estimated contributions of all sets of dummy variables -including the constant term -to the overall coefficients effect are invariant with respect to the reference group.
reason, several researchers have undertaken detailed decompositions of only the characteristics effect, which is not affected by this problem. 27 To tackle this difficulty, we use normalized regressions in computing weights in (5), as proposed by Suits (1984), Gardeazabal and Ugidos (2005) and Yun (2005a, b) . This method has the advantage of being invariant with respect to the "left-out" reference category in computing the contribution of dummy variables to the coefficients effect. Further, it alters neither the detailed characteristics effect, nor the contribution of continuous variables to the coefficients effect.
After suppressing group superscripts for simplicity, we can rewrite our model in (1) as:
where there are L continuous variables X, M sets of categorical variables D, and where the mth set has K m categories and K m -1 dummy variables in the equation, with the reference group being the first category of each set of dummy variables. Then, the normalized equation is given by: 27 Fairlie (1999 Fairlie ( , 2005 and Ham et al. (1998) are good examples of this in the nonlinear case. 28 A similar problem affects affine transformations of continuous regressors that involve a location parameter. As Yun (2005a) pointed out, unlike categorical variables, the problem related to a continuous variable cannot be resolved, because there are infinitely many transformations. Therefore, one has to rely on specifications that make sense and are widely accepted in the literature.
Finally, in order to provide information about the statistical significance of our results, standard errors will be provided following the Delta method sketched in Yun (2005b) .
Regression results
The analysis of decomposition of the racial poverty gap is based on the estimation of multivariate Logit regressions explaining the likelihood of a person being poor conditioned by family characteristics. The results for all racial and ethnic groups using three different surveys, 1994, 2002, and 2007 (with results referring respectively to poverty in 1993, 2001, and 2006) are presented in the Appendix. In general, these results suggest that, in 2006, the coefficients are similar in sign for all groups, although they may differ in magnitude and statistical significance. Due to the necessity of omitting one category in each set of dummies, the benchmark person was someone who lived in a large city (5 million or more inhabitants) in the middle Atlantic region, in a married-couple family, where the head was a 15-24 years old male, born in the United States with American parents, with only primary school education, working full-time in the private sector in a non-managerial or professional occupation, who did not change residence in the previous year. Compared with this reference case, living in the Pacific region had a significant and negative effect on the risk of being poor in all groups, even if its magnitude was higher for Blacks. The lowest risk of being poor was achieved living in New England in the case of Blacks, in east north central in the case of Latinos, and in mountain and Pacific regions for Whites. Noteworthy is the fact that living in the south central regions, which showed the largest poverty rates, only increased the risk of being poor for Latinos (west south central region). Living in non-metropolitan areas increased the chances of being poor for Blacks and Whites, while for the latter, poverty risk was also increased by living in small metropolitan areas (with populations of less than half a million). Families other than married couples were more likely to be poor in all three groups, with the effect being more intense in the case of Whites, for whom those families were less common, and less in the case of Blacks, who were more likely to have those living arrangements. Families with many dependents (especially adults) faced a higher risk of being poor. The older and more educated the family head, the lower the probability of being poor in all cases. Note, however, that while the effect associated with age was higher among Whites, the impact of college education was larger among both minorities. The effect associated with high school was similar in all three groups, however. The risk of falling into poverty increased for Blacks and Latinos when the head of the family was a non citizen, while this characteristic appeared to be non significant in the case of Whites, for whom the poverty risk was, however, lower for second-generation immigrant family heads. It is also interesting to note that those families who had changed their residence during the previous year were also more likely to be poor in all cases.
The risk of poverty increased when the head of the family was unemployed or worked in a part-time job, while it decreased when he or she worked in managerial or professional occupations in the private sector. The effect was especially strong for Latinos if they worked as managers or professionals in the public sector, while it was not significant for the other groups in the same situation. The effect of working in the public sector in a non-managerial job or as a self-employed worker was only significantly positive in the case of Whites. The more weeks and the more weekly hours worked by the family head, the lower the poverty risk, with the effect of weeks being larger in the case of Whites and Blacks, and hours in the case of Latinos.
The presence of more employed adults in the family was generally associated with lower poverty. This latter effect increased with their attained education and was higher in more skilled occupations and lower in the case of females and the self-employed. Interestingly, the presence of young workers without college studies had a significant effect on reducing poverty in the case of Latinos, but not in the case of Blacks. More weeks worked by other family members also reduced poverty risk, while the average of weekly hours worked was only significant and negative in the case of Blacks. The effect of other nonlabor income receivers was large and significant in all groups.
Explaining the racial poverty gap
Poverty rates among Blacks were 15.9 percentage points higher than among Whites in 2006, and the decomposition analysis of this differential, presented in Table 8 , shows that this could be largely explained by the characteristics effect. That is, 12.2 percentage points (76.6 percent) of this raw racial poverty gap for Blacks can be attributed to differences in the observed family characteristics of both groups, which means that the conditional racial poverty gap-that prevailing if Blacks shared the characteristics of Whites-was 3.7 percentage points (the remaining 23.4 percent), as shown in Table 9 . More specifically, as shown in Table 8 , about 37.6 percent of the raw poverty gap was explained by differences in education attainment and the labor-market-related variables of all family members. As a matter of fact, the level of education and labor activity of the family head explained 14.4 percent of the gap, mainly due to lower numbers of weeks and hours worked (6 percent) and to the educational gap (5.5 percent). The gap in education and the labor activity of other family members explained an additional 23.2 percent. In this last case, the lower number of hours worked (15 percent) appears to be especially important, together with low participation and segregation of those actually employed in low paid occupations (8.2 percent). An additional 4.2 percent was explained by non-labor incomes received by other members in the family (taking into account their education).
Other non-labor related factors were crucial in explaining the higher poverty rates of Blacks compared with Whites. In fact, 35.3 percent of the raw gap was explained by differences in demographic characteristics, namely the larger number of dependent children in Black families (13.5 percent), the lower proportion of married couples and the higher proportion of female-headed families (jointly explaining 11.2 percent), and the generally younger age of family heads (7 percent). The geographical area of residence appears to be irrelevant because the effect of the higher concentration of Blacks in the poorest states was statistically insignificant at 95 percent of confidence; farther, it was overcompensated for by the fact that Blacks were more likely to live in the largest metropolitan areas (which, in fact, has a negative contribution to the gap). This result strongly contrasts with the case of African Americans in Brazil, where almost 17 percent of their higher poverty rate compared with Brazilian Whites can be explained by the concentration of Blacks in the poorest states in the north and northeast of the country (Gradín, 2009 ).
Among our other target group, the difference in poverty rates among Hispanics and Whites in 2006 was 12.5 percentage points, and observed family attributes explained a proportion of the raw gap which was globally similar to the case of Blacks. Indeed, the characteristics effect accounted for 9.5 percentage points (76 percent of the total difference among Hispanics and Whites), resulting in a conditional poverty gap of 3.0 percent (24 percent). Nevertheless, the underlying reasons for the higher poverty among Latinos are substantially different from those explaining the higher incidence among Blacks. For example, the sociodemographic characteristics of Hispanics were even more important and explained more than a half the overall racial poverty gap (51.9 percent), mainly due to a larger number of dependent children in Hispanic families, accounting for 25 percent, and to their immigration profile, which explained another 15.1 percent. The contribution of the young age of the family head to explaining the racial poverty gap was similar for Latinos and Blacks (7.1 percent), but not the type of family, which barely contributed 3.2 percent.
Furthermore, achieved education and labor activity among all family members jointly explained about 20 percent of the raw poverty gap, way below the overall contribution of these variables for Blacks. Additionally, the driving factors were also different for the two groups. The main contribution for Latinos in this case came from the lower level of education attained by Hispanic family heads, which explained almost 18 percent of the total gap (compared with only 5 percent for Blacks). An additional 5.1 percent was attributable to the labor participation of family heads due to segregation into low-paid occupations; but, unlike Blacks, the larger number of hours these heads worked helped to partially compensate for this segregation (with a negative contribution of 3.2 percent). The participation of other family members in the labor market did not explain much of the gap in the case of Hispanics, due to the high employment rates of males, but non-labor incomes did explain a non-negligible 7 percent. Finally, the geographical area where Latinos were living played no significant role, just as in the case of Blacks.
Despite the fact that observed characteristics explained a large share of the racial poverty gap for Blacks and Latinos, our results also suggest that the impact of certain attributes on poverty risk might be different for these groups compared with Whites, as is shown in Table 9 . The aggregate coefficient effect is in all cases significant, even if most of the effects of grouped variables are not. Some of these significant differential effects appear to be particularly interesting. For example, the number of hours worked by Hispanic family heads was less effective than those worked by Whites in protecting their respective families from being poor, as it explained about 1.6 percentage points of the raw gap in poverty rates (13 percent of the gap). Similarly, it appears that some demographic factors might be less effective in preventing poverty among Blacks and Latinos than among Whites, such as belonging to a married couple (3.4 percent of the gap for Latinos) or having an older family head (about 6 percent of the gap for both minorities).
Changing patterns across time
The racial poverty gap experienced a sharp decline in the United States during the economic boom of the 1990's due to larger decreases in the poverty rate among U.S.
minorities than among Whites, as was shown above. This reduction in the raw racial poverty gaps was driven by the characteristics effect in both cases, with conditional racial poverty gaps being near 4 percent in the case of Blacks, and increasing from 1.7 to 3 percentage points in Despite the break imposed by the recession at the beginning of the 2000's, it is interesting to highlight certain long run trends that continued during both periods and thus seem to be less affected by the economic cycle. There was a continuous decline in the contribution of characteristics such as the family type and education of the head in the case of Blacks, and a catch-up in mobility in the case of Latinos, as well as the number of dependents and hours worked by the head for both groups. The only continuous increase observed was the contribution of other members' employment for Blacks, and non-labor incomes for Latinos.
Conclusions
Family income in the United States is more unequally distributed and polarized than in most of the developed world, a situation partly due to a large gap in wellbeing among ethnic and racial groups. In this paper, we have analyzed the gap in poverty rates by ethnic and racial groups in this country, and found that it can be largely explained by their different family characteristics. We have also shown that the main reasons diverge when explaining why Blacks and Latinos are more likely to be poor than Whites. Almost half of what explains the higher poverty of Blacks (37 percent of the overall gap) can be attributed to their demographic characteristics, especially the large number of dependent children, the family type, and the age of the family head. Of similar relevance is their education and performance in the labor market, especially the low labor market participation of family members other than the family head. On the contrary, in the case of people of Hispanic origin, at least two-thirds of what can be explained (more than half the raw gap) is attributable to the demographic characteristics of their families, with even more relevance of the number of children than in the case of Blacks, and with a special (even if decreasing) role played by their predominant immigration status, and with the younger age of their family heads being similar in relevance to the case of Blacks.
As a consequence of the high employment rates of Hispanic males, the labor-market-related characteristics played a less fundamental role than in the case of Blacks, one almost fully accounted for by their larger educational gap. The state or region where minorities live played no role in explaining their higher poverty rates. Further, certain demographic characteristics, like the type of family or the age of the family head, and other labor variables, like the number of hours worked, were shown to have a different impact on the risk of being poor among minorities compared with Whites.
Finally, we have shown that the reduction in the racial poverty gap during the 1990's can be fully accounted for by the lower role played by differences in characteristics, especially those labor-related ones, while the conditional racial poverty gap has remained at a constant level among Blacks and is increasing among Latinos. Nevertheless, it is important to note that the fact that characteristics account for the largest part of the racial poverty gap does not mean that discrimination is no longer relevant in explaining poverty among minorities in the United States, as the poorer characteristics of Blacks and Latinos could be partly the result of different opportunities in access to education and well-paid jobs, and additionally there remain some significant coefficients effects. -9,245 -21,969 -7,057 -10 
